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Abstract
Prior studies have found an inconclusive relationship between social networking site (SNS) usage
and users’ subjective well-being. Passive SNS usage may be detrimental to subjective well-being,
because it cannot provide social support and may evoke envy and jealousy. Conversely, it is also
possible that lower subjective well-being may predict higher passive SNS usage, which can be used as
a means to relieve stress. To examine this reciprocal process, a two-wave study among a sample of
Chinese college students was conducted (N ¼ 350 at Time 1, 265 at Time 2). Data were analyzed
with structural modeling. Cross-lagged analysis indicated that passive SNS usage at Time 1 predicted
a decrease in subjective well-being at Time 2. Lower subjective well-being at Time 1 also predicted
an increase in passive SNS usage at Time 2. These findings deepen our understanding of the com-
plicated association between SNS usage and well-being and has implications for how to help indi-
viduals use SNS healthily.
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Social networking sites (SNS) have become extremely popular in recent years, especially among

adolescents and young adults (Kalpidou, Costin, & Morris, 2011). Considering their huge user

population and possible effects on users’ social development and psychological well-being, abun-

dant studies have been conducted to investigate the outcomes of SNS usage (Appel, Crusius, &

Gerlach, 2015; Chang & Heo, 2014; Krasnova, Widjaja, Buxmann, Wenninger, Benbasat, 2015;
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Lup, Trub, & Rosenthal, 2015; Pantic, 2014; Shaw, Timpano, Tran, & Joormann, 2015; Song et al.,

2014). However, inconsistent findings exist, as passive SNS usage (i.e., directed or random con-

sumption of social content) and active SNS usage (i.e., producing content such as updates and

commenting on others’ posts) may lead to different effects on users’ psychological well-being. For

example, some studies have reported a positive association between SNS usage and psychological

well-being (e.g., Frison & Eggermont, 2015; Wang, Jackson, Gaskin, & Wang, 2014), whereas

others have found that SNS usage can decrease well-being (e.g., Chou & Edge, 2012).

In the past 2 years, researchers have begun to investigate the impact of passive SNS usage on

users’ psychological well-being as well as the possible mechanisms through which the effects occur

(e.g., Appel, Gerlach, & Crusius, 2016; Chen, Fan, Liu, Zhou, & Xie, 2016; de Vries & Kühne, 2015;

Fardouly, Diedrichs, Vartanian, & Halliwell, 2015; Lim & Yang, 2015). A main reason for this

research trend is that passive consumption of social content is the most prevalent SNS activity

including viewing idealized SNS profiles, pictures, and status updates presented by others (Pempek,

Yermolayeva, & Calvert, 2009).

Despite prior studies on passive SNS usage and subjective well-being, more research is needed,

as the association between these two variables may not be unidirectional and may have a reciprocal

relationship. Moreover, most prior studies have used either a cross-sectional design or measured the

instant mood after viewing SNS content in an experimental situation; these study designs make it

difficult to determine whether SNS usage has long-term effects on users’ psychological well-being

(Sagioglou & Greitemeyer, 2014).

Therefore, the current study will use a cross-lagged regression model to investigate whether there

is a reciprocal association between SNS usage and users’ psychological well-being among Chinese

emerging adults. Considering the large population who mainly use the SNS for noninteractive

purposes and the fact that many people are unaware of its possible negative consequences, it is

both theoretically and practically necessary to study this question. Investigating the possible reci-

procal association between SNS usage and users’ psychological well-being can enrich our under-

standing of the complexity of psychological outcomes of SNS and lead to effective strategies to help

individuals use SNS healthily.

In addition, most prior studies have been conducted in a Western context (Boyd, 2006; Muise,

Christofides, & Desmarais, 2009; Orchard, Fullwood, Galbraith, & Morris, 2014; Shaw et al.,

2015). Cultural differences in SNS usage have been proposed (Hawk, 2014; Jackson & Wang,

2013; Kim, Sohn, & Choi, 2011). Therefore, research on the reciprocal association between

passive SNS usage and users’ well-being in a Chinese context can enrich our understanding of

this topic.

Passive SNS Usage Predicts Decreased Subjective Well-Being

Patterns of SNS usage can be divided into passive content consumption and directed commu-

nication (Burke, Marlow, & Lento, 2010). Directed communication through SNSs can enhance

users’ psychological well-being, decrease loneliness, and improve social ties by providing

necessary social support, thus increasing individuals’ self-esteem and life satisfaction (Valken-

burg, Peter, & Schouten, 2006). However, noncommunicative use of SNS may decrease psy-

chological well-being due to the reduced social interaction or increased social comparison

(Weiser, 2001). Therefore, in the current study, the communicative/active use of SNS was

controlled for.

Passive SNS usage, also called content consumption, including directed or random consumption

of social content, may reduce social capital (de Vries & Kühne, 2015; Oh, Ozkaya, & LaRose, 2014)

and psychological well-being. This association may be mediated by evoking feelings of envy and

jealousy after consuming others’ self-presented information in SNS (Chou & Edge, 2012; Muise
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et al., 2009), by social overload (Maier, Laumer, Eckhardt, & Weitzel, 2012) and increase in social

tension (Boyd, 2006), by a fear of “missing out” on information or communication that occurs solely

on SNS (Orchard et al., 2014), or by brooding about various types of interpersonal concerns (Shaw

et al., 2015). For example, Verduyn et al. (2015) examined the association between passive Face-

book usage and affective well-being, using both experimental and experience-sampling techniques.

They found that passive Facebook usage led to declines in affective well-being over time through

arousing users’ envy. The significant relationship between passive Facebook usage and changes in

affective well-being still existed even after controlling for active Facebook use, non-Facebook

online social network usage, and direct social interactions. In the literature, passive SNS usage has

also been found to be positively related to users’ depressive symptoms (Lup et al., 2015), social

anxiety (Orchard et al., 2014), increased loneliness (Burke et al., 2010), envy and shame (Krasnova

et al., 2015; Lim & Yang, 2015), lower life satisfaction (Frison & Eggermont, 2016), and lower self-

esteem and lower sense of self-evaluation (Vogel, Rose, Roberts, & Eckles, 2014). Therefore, in this

study, we hypothesized:

Hypothesis 1: Passive SNS usage (Time 1) will be negatively related to users’ subjective

well-being (Time 2).

Decreased Subjective Well-Being Predicts Passive SNS Usage

It is possible that SNS can satisfy one’s need for emotional connections in social interactions

(Nadkarni & Hofmann, 2012) and that SNS can be used as a way to relieve users’ negative

feelings (Oh et al., 2014). Loneliness and anxiousness may predict SNS usage due to the fact

that individuals with high social anxiety can use SNS to reduce their loneliness and uncom-

fortable feelings that they may encounter during face-to-face interaction (Clayton, Osborne,

Miller, & Oberle, 2013).

However, researchers have found that loneliness and depression can predict problematic use

of the Internet (Bian & Leung, 2015; Ceyhan & Ceyhan, 2008). When confronted with exces-

sive life stress, users may use SNS as a means of stress relief or as a stress coping strategy to

escape from reality and to compensate for unsatisfactory social interactions (Hou et al., 2017;

Leung, 2007). A study of first-year students revealed that SNS users seek out friends on SNS to

relieve the stress that is associated with poor adjustment (Kalpidou et al., 2011). Thus, SNS

could be used to satisfy users’ need for psychological escape when confronted with real-life

problems or challenging situations (Hou et al., 2017) especially to reduce emotional stressors

(P. Sheldon, 2008).

Using cognitive dissonance theory and selective exposure theory as a framework, Frison and

Eggermont (2016) found that adolescents with lower life satisfaction tended to passively view

others’ information on Facebook for negative comparisons. According to cognitive dissonance

theory proposed by Festinger (1957), individuals have an inner drive to avoid situations and infor-

mation that are dissonant with their cognitions and behaviors (Festinger, 1957). Selective exposure

theory holds that individuals tend to favor information that reinforces their preexisting views while

avoiding contradictory information. Within the area of mass communication, this means that media

users are inclined to choose specific media content that aligns with their own behaviors (Zillmann &

Bryant, 1985). In SNS, people upload a large amount of information demonstrating a happy life,

successful moments, and travel photos, which can lead to viewers’ feelings that others are leading

more exciting lives (Chou & Edge, 2012). In line with the cognitive dissonance and selective

exposure theory, it is reasonable to assume that when people have low subjective well-being and

are less satisfied with their lives, they are more likely to passively use SNS, as the experience
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resulting from viewing information on SNS is in line with their negative cognitions about their own

lives (Frison & Eggermont, 2016). Therefore, we hypothesized that:

Hypothesis 2: Subjective well-being (Time 1) will be negatively related to passive SNS usage

(Time 2).

Method and Participants

Sample and Procedure

The data presented in this article were derived from the first and second wave of a pencil and paper

survey administrated from December 2015 (Time 1) to December 2016 (Time 2; an interval of 1

year) in two universities in China. We obtained approval from the universities’ institutional review

boards. Using an initial sample of 350 participants, two waves of data were collected. To match

participants’ data of the two measuring points of the study, participants were instructed to enter a

personal code consisting of (1) the first letter of their mother’s family name, (2) the first letter of

participants’ family name, (3) two digits representing the month of their birthday, and (4) the last

two letters of the city where they were born. Informed consent was obtained from all participants,

and all respondents were informed that they could terminate participation at any time during the

study. Two hundred and sixty-five participants completed the surveys at the two waves. At Time 1,

participants (23.24% male) had an average age of 19.43 (standard deviation [SD] ¼ 1.65) and at

Time 2, had an average age of 20.11 (SD¼ .96). Participants who completed the survey only in Time

1 did not significantly differ from the longitudinal participants with respect to demographic and

study variables. Surveys were distributed in classes and participants were given 20 min to complete

the survey. Each participant received a monetary compensation for their participation (¥20 about

US$3.0).

Measures

The instrument used in this study included four components: demographic information, passive and

active SNS usage questionnaire, Life Satisfaction Scale, and Positive and Negative Affect Scale

(PNAS).

Passive SNS Usage and Active SNS Usage

Passive and active SNS usage was measured by items adapted from prior studies (Chen et al., 2016;

Frison & Eggermont, 2016). Passive SNS usage was measured by asking respondents six questions,

sample items were “How frequently do you view others’ photos when logging on SNSs?” and “How

frequently do you view others’ updates when logging on SNSs?” Active SNS usage was measured

by three questions, and sample items were “How frequently do you update your status?” and “How

frequently do you comment on your friends’ wall?” Respondents rated each item on a 5-point Likert-

type scale, ranging from 1 ¼ never, 2 ¼ rarely, 3 ¼ occasionally, 4 ¼ quite often, and 5 ¼ almost

every time I log on. The reliabilities of the passive SNS usage scale in the current study were a¼ .70

at Time 1 and .72 at Time 2, respectively. The reliabilities of the active SNS usage in this study were

.71 at Time 1 and .75 at Time 2. We did two confirmatory factor analyses (CFAs) for passive SNS

usage and active usage at Time 1 and Time 2, respectively. The CFA results showed that the

measurement model fit the data well, with w2/df ¼ 1.95, p ¼ .004, Tucker–Lewis index [TLI] ¼
.93, comparative fit index (CFI) ¼ .96, root mean square error of approximation (RMSEA) ¼ .06

(95% confidence interval [CI] ¼ [.03, .08]), standardized root mean square residual (SRMR) ¼ .04
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at Time 1 and w2/df ¼ 1.65, p ¼ .03, TLI ¼ .97, CFI ¼ .98, RMSEA ¼ .05 (95% CI ¼ [.01, .08]),

SRMR ¼ .03 at Time 2.

Subjective Well-Being

Subjective well-being was computed by summing standardized scores of life satisfaction and

positive affect and then subtracting a standardized score of negative affect, a method that has been

used effectively in prior studies (Chen et al., 2016; Sheldon & Elliot, 1999). Life satisfaction was

assessed by the Satisfaction with Life Scale (SWLS; Diener, Emmons, Larsen, & Griffin, 1985). The

SWLS included five items such as “In most ways, my life is close to my ideal” and “I am satisfied

with life.” Participants were asked to indicate their agreement on a 5-point scale ranging from 1

(strongly disagree) to 5 (strongly agree). In the current study, the reliability of this scale was a¼ .74

at Time 1 and .77 at Time 2. Positive affect and negative affect were measured by a Chinese version

of the PNAS; Watson, Clark, & Tellegen, 1988). Participants were asked to indicate the extent to

which they had had negative or positive feelings or emotions in the past few days. Sample items

included, “To what extent did you feel depressed in the past few days” and “To what extent did you

feel active in the past few days,” ranging from 1 (very slightly or not at all) to 5 (extremely). This

scale has shown good reliability and validity in prior research (Watson et al., 1988). The reliabilities

for the positive subscale and negative subscale in PNAS in this study were a ¼ .86 and a ¼ .87 at

Time 1 and .81 and .82 at Time 2, respectively. We did two CFAs for SWLS and PNAS at two

measuring points respectively. The CFA results showed that the measurement model fit the data well,

with w2/df¼1.57, p < .001, TLI¼ .91, CFI¼ .93, RMSEA¼ .05 (95% CI¼ [.04, .06]), SRMR¼ .06

at Time 1 and w2/df ¼1.79, p <.001, TLI ¼ .91, CFI ¼ .92, RMSEA ¼ .05 (95% CI ¼ [.05, .06]),

SRMR ¼ .06 at Time 2.

Analysis

Pearson correlation coefficients were used to assess the strengths of linear relationships between

pairs of study variables. Hypotheses 1 and 2 addressed the reciprocal longitudinal relationships

between passive SNS usage and subjective well-being. To test these longitudinal relationships, we

computed a cross-lagged structural model using Mplus 7.0. Because subjective well-being was

calculated by summing standardized scores of life satisfaction and positive affect and then subtract-

ing a standardized score of negative affect, we used it as an observed variable in the model.

The data in the current model have met the assumptions for structural equation modeling (SEM)

regarding its sample size (n ¼ 265 in this study) and data level (Likert-type scale was employed).

The skewness and kurtosis of the study variables were within the range of +1.0. The default

estimation method of maximum likelihood was used. To study the adequacy of the estimated model,

we used w2/df, the RMSEA, the CFI, the TLI, and the SRMR. w2/df is greater than 1 and smaller than

5, as recommended by prior research (Salisbury, Chin, Gopal, & Newsted, 2002). The CFI and TLI

should be greater than .90 (Salisbury et al., 2002). For the RMSEA and SRMR, values less than .08

represent an acceptable fit (Byrne, 2006).

In the hypothesized model, all variables at Time 2 were predicted by their preceding values at

Time 1 and by the value of the respective independent variable at Time 1. We also controlled for

active SNS use at Time 1 as previous studies have suggested a positive relationship between active

SNS use and subjective well-being (Valkenburg et al., 2006; Wang et al., 2014). Additionally,

covariance between control variables and exogenous study variables were allowed at the same time

point. To further confirm the significance of all path coefficients, we used the bootstrapping method

(bootstrap ¼ 10,000). The results of the bootstrap analysis in combination with the excellent fit

indicators of our model support the validity of our results.
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Results

Descriptive Statistics

Means, standard deviations, and zero-order correlations of all variables are presented in Table 1.

Cross-Lagged Model

The autoregressive cross-lagged model fit the data well (please see Figure 1 for details), with w2/df¼
2.94, p ¼ .03, TLI ¼ .90, CFI ¼ .96, RMSEA ¼ .08 (95% CI ¼ [.02, .15]), SRMR ¼ .03. Passive

SNS usage at Time 1 was significantly related to subjective well-being at Time 2 (b¼�.11, p < .05,

95% CI ¼ [�.18, �.03]) and passive SNS use at Time 2 (b ¼ .39, p < .001, 95% CI ¼ [.33, .51]).

Subjective well-being at Time 1 was significantly related to passive SNS use at Time 2 (b ¼ �.17,

p < .001, 95% CI ¼ [�.23, -.13]) and subjective well-being at Time 2 (b ¼ .52, p < .001, 95%
CI ¼ [.43, .58]). Active SNS use at Time 1 was not related to subjective well-being at Time 2

(b ¼ .07, p > .05, 95% CI ¼ [�.08, .12]; please see Figure 1 and Table 2).

Discussion

The current study found that passive SNS usage and users’ subjective well-being were reciprocally

related over time. Passive SNS usage negatively predicted users’ subjective well-being, and sub-

jective well-being negatively predicted passive SNS usage.

Table 1. Means, Standard Deviations and Zero-Order Correlations Among Study Variables.

Variable Mean Standard Deviation 2 3 4 5

Active SNS use at T1 2.66 0.62 .49** .31** .07 .05
Passive SNS use at T1 2.34 0.50 .38** .004 �.07
Passive SNS use at T2 2.33 0.51 .38** �.16** �.14*
Subjective well-being at T1 0 1.0 .004 �.16** .52**
Subjective well-being at T2 0 1.0 �.07 �.14* .52**

Note. Subjective well-being was standardized score. SNS ¼ social networking site; T1 ¼ Time 1; T2 ¼ Time 2.
*Correlation is significant at the .05 level (two tailed); **Correlation is significant at the .01 level (two tailed).

T1 passive 

SNS usage 

T1 active 

SNS usage 

T1 

well-being 

T2 passive 

SNS usage 

T2 

well-being 

e1

e2 

.489*** -.111* 

.385*** 

.071 

-.165*** 

.519***

-.041

.824 

.721 

Figure 1. Reciprocal relationship between passive social networking site usage and subjective well-being.

6 Social Science Computer Review XX(X)



Our first hypothesis stated that passive SNS usage would be negatively related to users’

subjective well-being, and this was confirmed by our results. We found that the relationship

between passive SNS usage at Time 1 was significantly associated with subjective well-being at

Time 2 at the .05 significance level, even after controlling for active SNS usage and partici-

pants’ subjective well-being at Time 1. This finding is consistent with prior cross-sectional and

experimental studies (Burke et al., 2010; de Vries & Kühne, 2015; Orchard et al., 2014;

Verduyn et al., 2015), indicating that spending more time passively on SNS may lead to lower

subjective well-being.

Several possible explanations have been proposed regarding the association between passive SNS

usage and decreased subjective well-being. For instance, upward social comparisons in SNS may

account for the negative association between passive SNS use and subjective well-being. Generally,

SNS are filled with managed or exaggerated information of the apparently flawless lives of users

who present it for the sake of impression management. This has made upward social comparisons

almost unavoidable (Appel et al., 2015; de Vries & Kühne, 2015) as the presented information is

positively skewed (Jordan et al., 2011; Lee-Won, Shim, Joo, & Park, 2014). Consequently, passive

SNS users may experience social comparisons that are detrimental to perceptions about self-worth

and self-esteem (de Vries & Kühne, 2015; Lee, 2014) and may provoke negative feelings (Chen

et al., 2016). Smith and Kim (2007) have suggested that envy feelings may be triggered by over-

exposure to social information in SNS and cause significant damage to users’ well-being and life

satisfaction. Additionally de Vries and Kühne (2015) reported that Facebook use was related to a

greater degree of negative social comparisons, which was in turn related negatively to self-perceived

social competence and physical attractiveness. Similar findings also implied that users who pas-

sively use SNS are more likely to feel personally inadequate (Jordan et al., 2011), make poor self-

evaluations (Chen et al., 2016), and believe that others are doing better (Fardouly et al., 2015;

Haferkamp & Krämer, 2011).

In addition to the upward social comparisons in SNS, other mechanisms may exist whereby

passive SNS usage decreases users’ subjective well-being (Koroleva, Veltri, Krasnova, & Günther,

2011; Maier et al., 2012; Sagioglou & Greitemeyer, 2014; Valenzuela, Park, & Kee, 2009). For

example, continuous engagement in passive SNS may lead to feelings of exhaustion, annoyance,

irritability, and overload (Koroleva et al., 2011; Maier et al., 2012). Intense passive SNS usage can

provoke a feeling of not doing anything meaningful, which may lead to more negative moods

(Sagioglou & Greitemeyer, 2014). Spending more time on SNS passively may get users isolated

as passive SNS usage does not involve the beneficial functions of SNS (i.e., social interaction) and

does not provide social support, which is one of the key benefits that SNS users perceive from SNS

(Park, Kee, & Valenzuela, 2009). Ironically, the more contacts one has on SNS may serve to increase

the feeling of isolation if one perceives others to be more socially engaged. Moreover, passive SNS

usage includes viewing others’ social information and links, which can increase social information

Table 2. Path Coefficients.

Parameter
Unstandardized

Coefficient Estimate Standard Error Critical Value p Value

T2 well-being  T1 active usage .25 .21 1.17 .243
T2 passive usage T1 well-being �.04 .01 �5.07 .000
T2 well-being  T1 well-being .55 .05 10.44 .000
T2 well-being  T1 passive usage �.47 .20 �2.37 .018
T2 passive usage T1 passive usage .39 .05 8.15 .000

Note. Please refer to Figure 1 for the standardized coefficients. T1 ¼ Time 1; T2 ¼ Time 2.
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overload (Maier et al., 2012). The solitary consumption of SNS content may reduce social capital

and enhance loneliness (Oh et al., 2014).

Our second finding was that subjective well-being was negatively related to later passive SNS

usage, which supported Hypothesis 2 and is also consistent with literature (e.g., Kardefelt-Winther,

2014; Wang, Gaskin, Wang, & Liu, 2016). Users with a negative mood may use the Internet

passively as a way to relieve their negative feelings or escape their problems. The uses and gratifica-

tion theory has suggested that individuals are active and goal directed in their SNS use and inten-

tionally choose media and content to gratify psychological needs or motivations (Katz, Blumer, &

Gurevitch, 1974). SNS can gratify users’ various needs such as relaxation and escape (Smock,

Ellison, Lampe, & Wohn, 2011). This finding also has supported the selective exposure and cog-

nitive dissonance theory, both suggesting that users are inclined to choose specific media content

that approves of their own behaviors or cognitions. Additionally, the compensatory internet use

theory suggests that low psychosocial well-being may be an underlying cause of some of the motives

for Internet usage; in certain situations, low psychosocial well-being can therefore lead an individual

to spend much more time online for coping purpose (Kardefelt-Winther, 2014).

The reciprocal relationship between passive SNS use and subjective well-being raises the ques-

tion of why people still spend a lot of time on SNS after they experience negative feelings after they

use it. Affective forecasting error may provide an explanation. Affective forecasting error describes

how users may have a wrong expectation how SNS makes them feel. SNS users may expect SNS to

bring about positive feelings, which causes them to spend more time on SNS and thereby leads to

decreased psychological well-being (Sagioglou & Greitemeyer, 2014). If this hypothesis is correct,

the decreased psychological well-being may cause users to consume more SNS as they continue to

expect it to make them feel better. In addition, frequently viewing others’ positive life events

presented on SNS and being confronted with others’ photos of happy moments, can elicit SNS

users’ envy, making them feel that others are happier and have better lives, which in turn decreases

their psychological well-being (Chou & Edge, 2012).

Conclusions and Future Directions

Our findings extend prior research as we confirmed a reciprocal relationship between passive SNS

use and subjective well-being, after controlling for active SNS usage and users’ previous subjective

well-being. This research design allowed us to yield a more robust conclusion on the association

between the study variables. Our findings suggest that passive SNS use may undermine users’

subjective well-being, and that users with lower subjective well-being are more likely to spend

more time on SNS.

Despite these findings, cautions should be made when the current findings are generalized to

other populations, as the current study was conducted on a sample of college students. Second, more

diversified age-groups should be considered in future studies, given prior research has shown that

age may play an important role in SNS usage and its outcomes (Pfeil, Arjan, & Zaphiris, 2009).

Third, future studies should examine the gender difference on the relationship between SNS usage

and well-being via a multigroup analysis. This study did not investigate this issue given only 23.24%
participants were male. Finally, although several potential mediating mechanisms are discussed

above, these were not tested directly in this study and should be examined in the future research.

Nonetheless, SNS users should be cautious about the negative influence that passive SNS can

have on their subjective well-being, especially those users who use SNS passively as a way to relieve

their negative feelings. Using SNS passively may begin a vicious cycle; instead, they should find

some proactive means to improve their subjective well-being. Our data suggest that even becoming

more active and engaged on SNSs may help to mitigate this negative cycle.
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Haferkamp, N., & Krämer, N. C. (2011). Social comparison 2.0: Examining the effects of online profiles on

social-networking sites. Cyberpsychology, Behavior, and Social Networking, 14, 309–314.

Hawk, S. T. (2014). Cross-cultural and cross-platform differences in youths’ social networking site behavior.

Adolescent Medicine: State of the Art Reviews, 25, 533–541.

Hou, X., Wang, H., Guo, C., Gaskin, J., Rost, D. H., & Wang, J. (2017). Psychological resilience can help

combat the effect of stress on problematic social networking site usage. Personality and Individual Differ-

ences, 109, 61–66.

Jackson, L., & Wang, J. (2013). Cultural differences in social networking site use: A comparative study of

China and the United States. Computers in Human Behavior, 29, 910–921.

Jordan, A. H., Monin, B., Dweck, C. S., Lovett, B. J., John, O. P., & Gross, J. J. (2011). Misery has more

company than people think: Underestimating the prevalence of others’ negative emotions. Personality and

Social Psychology Bulletin, 37, 120–135.

Kalpidou, M., Costin, D., & Morris, J. (2011). The relationship between Facebook and the well-being

of undergraduate college students. Cyberpsychology, Behavior and Social Networking, 14,

183–189.

Kardefelt-Winther, D. (2014). A conceptual and methodological critique of internet addiction research:

Towards a model of compensatory internet use. Computers in Human Behavior, 31, 351–354.

Katz, E., Blumler, J. G., & Gurevitch, M. (1974). Utilization of mass communication by the individual. In J. G.

Blumler & E. Katz (Eds.), The uses of mass communications: Current perspectives on gratifications

research (pp. 19–32). Beverly Hills, CA: Sage.

Kim, Y., Sohn, D., & Choi, S. M. (2011). Cultural difference in motivations for using social network sites: A

comparative study of American and Korean college students. Computers in Human Behavior, 27,

365–372.

Koroleva, K., Veltri, N., Krasnova, H., & Günther, O. (2011). It’s all about networking! Empirical investigation

of social capital formation on social network sites. International Conference Information Systems, ICIS

(AIS, Atlanta), Paper 24, Shanghai, China. AIS Electronic Library (AISeL).

Krasnova, H., Widjaja, T., Buxmann, P., Wenninger, H., & Benbasat, I. (2015). Why following friends can hurt

you: An exploratory investigation of the efffects of envy on social networking sites among college-age users

college-age users. Information Systems Research, 26, 585–605.

Lee, S. Y. (2014). How do people compare themselves with others on social network sites?: The case of

Facebook. Computers in Human Behavior, 32, 253–260.

Lee-Won, R. J., Shim, M., Joo, Y. K., & Park, S. G. (2014). Who puts the best “face” forward on Facebook?:

Positive self-presentation in online social networking and the role of self-consciousness, actual-to-total

Friends ratio, and culture. Computers in Human Behavior, 39, 413–423.

Leung, L. (2007). Stressful life events, motives for Internet use, and social support among digital kids.

Cyberpsychology & Behavior, 10, 204–214.

Lim, M., & Yang, Y. (2015). Effects of users’ envy and shame on social comparison that occurs on social

network services. Computers in Human Behavior, 51, 300–311.

Lup, K., Trub, L., & Rosenthal, L. (2015). Instagram #Instasad?: Exploring associations among Instagram use,

depressive symptoms, negative social comparison, and strangers followed. Cyberpsychology, Behavior, and

Social Networking, 18, 247–252.

Maier, C., Laumer, S., Eckhardt, A., & Weitzel, T. (2012). When social networking turns to social overload:

Explaining the stress, emotional exhaustion, and quitting behavior from social network sites’ users. In ECIS

2012—Proceedings of the 20th European Conference on Information Systems, Barcelona, Spain, pp. 1–12.

AIS Electronic Library (AISeL).

Muise, A., Christofides, E., & Desmarais, S. (2009). More information than you ever wanted: does Facebook

bring out the green-eyed monster of jealousy? Cyberpsychology & Behavior, 12, 441–444.

Nadkarni, A., & Hofmann, S. G. (2012). Why do people use Facebook? Personality and Individual Differences,

52, 243–249.

10 Social Science Computer Review XX(X)



Oh, H. J., Ozkaya, E., & LaRose, R. (2014). How does online social networking enhance life satisfaction? The

relationships among online supportive interaction, affect, perceived social support, sense of community, and

life satisfaction. Computers in Human Behavior, 30, 69–78.

Orchard, L. J., Fullwood, C., Galbraith, N., & Morris, N. (2014). Individual differences as predictors of social

networking. Journal of Computer-Mediated Communication, 19, 388–402.

Pantic, I. (2014). Online social networking and mental health. Cyberpsychology, Behavior and Social Networking,

17, 652–657.

Park, N., Kee, K. F., & Valenzuela, S. (2009). Being immersed in social networking environment: Facebook

groups, uses and gratifications, and social outcomes. Cyberpsychology & Behavior, 12, 729–733.

Pempek, T. B., Yermolayeva, Y. B., & Calvert, S. L. (2009). College students’ social networking experiences

on Facebook. Journal of Applied Developmental Psychology, 30, 227–238.

Pfeil, U., Arjan, R., & Zaphiris, P. (2009). Age differences in online social networking—A study of user profiles

and the social capital divide among teenagers and older users in MySpace. Computers in Human Behavior,

25, 643–654.

Sagioglou, C., & Greitemeyer, T. (2014). Facebook’s emotional consequences: Why Facebook causes a

decrease in mood and why people still use it. Computers in Human Behavior, 35, 359–363.

Salisbury, W., Chin, W. W., Gopal, A., & Newsted, P. R. (2002). Research report: Better theory through measure-

ment—Developing a scale to capture consensus on appropriation. Information System Research, 13, 91–103.

Shaw, A. M., Timpano, K. R., Tran, T. B., & Joormann, J. (2015). Correlates of Facebook usage patterns: The

relationship between passive Facebook use, social anxiety symptoms, and brooding. Computers in Human

Behavior, 48, 575–580.

Sheldon, K.M., & Elliot, A. J. (1999). Goal striving, need satisfaction, and longitudinal well-being: The self-

concordance model. Journal of Personality and Social Psychology, 3, 482–497.

Sheldon, P. (2008). The relationship between unwillingness to communicate and students’ Facebook use.

Journal of Media Psychology, 20, 67–75.

Smith, R. H., & Kim, S. H. (2007). Comprehending envy. Psychological Bulletin, 133, 46–64.

Smock, A. D., Ellison, N. B., Lampe, C., & Wohn, D. Y. (2011). Facebook as a toolkit: A uses and gratification

approach to unbundling feature use. Computers in Human Behavior, 27, 2322–2329.

Song, H., Zmyslinski-Seelig, A., Kim, J., Drent, A., Victor, A., Omori, K., & Allen, M. (2014). Does Facebook

make you lonely?: A meta analysis. Computers in Human Behavior, 36, 446–452.

Valenzuela, S., Park, N., & Kee, K. F. (2009). Is there social capital in a social network site?: Facebook use and

college students’ life satisfaction, trust, and participation. Journal of Computer-Mediated Communication,

14, 875–901.

Valkenburg, P. M., Peter, J., & Schouten, A. P. (2006). Friend networking sites and their relationship to

adolescents’ well-being and social self-esteem. CyberPsychology & Behavior, 9, 584–590.

Verduyn, P., Lee, D. S., Park, J., Shablack, H., Orvell, A., Bayer, J., & Kross, E. (2015). Passive Facebook

usage undermines affective well-being: Experimental and longitudinal evidence. Journal of Experimental

Psychology, 144, 480–488.

Vogel, E. A., Rose, J. P., Roberts, L. R., & Eckles, K. (2014). Social comparison, social media, and self-esteem.

Psychology of Popular Media Culture, 3, 206–222.

Wang, J.-L., Gaskin, J., Wang, H.-Z., & Liu, D. (2016). Life satisfaction moderates the associations between

motives and excessive social networking site usage. Addiction Research & Theory, 24, 450–457.

Wang, J.-L., Jackson, L. A., Gaskin, J., & Wang, H.-Z. (2014). The effects of Social Networking Site (SNS) use

on college students’ friendship and well-being. Computers in Human Behavior, 37, 229–236.

Watson, D., Clark, L. A., & Tellegen, A. (1988). Development and validation of brief measures of positive and

negative affect: The PANAS scales. Journal of Personality and Social Psychology, 54, 1063–1070.

Weiser, E. B. (2001). The functions of Internet use and their social and psychological consequences. Cyberp-

sychology & Behavior, 4, 723–743.

Wang et al. 11



Zillmann, D., & Bryant, J. (1985). Selective exposure to communication. In Cognitive dissonance in selective

exposure (pp. 11–33). Mahwah, NJ: Lawrence Erlbaum Associaltes.

Author Biographies

Jin-Liang Wang is a professor of educational psychology in the School of Psychology at the Southwest

University in China. His research investigates the antecedents of online communication as well as its influence

on users’ social development and psychological well-being. Email: wangjinliang09@gmail.com

Detlef H. Rost is a professor of educational and developmental psychology at Philipps-University Marburg

(Germany) and visiting professor at Southwest University Chongqing (P.R. China). He directs the assessment

and counseling center for the gifted and the longitudinal Marburg Giftedness Study. His main interests focus on

intelligence, giftedness, self-variables, test anxiety, psychological and educational assessment, and research

methodology. Email: rost@uni-marburg.de

James Gaskin is an assistant professor of management information systems at Brigham Young University,

Utah. His research interests include organizational genetics, human computer interaction, digital innovation,

mixed reality, and research and teaching methodologies. He is an associate editor at Frontiers in Psychology in

the organizational psychology section. Email: james.eric.gaskin@gmail.com

Douglas A. Gentile is a professor of psychology at Iowa State University. His research focuses primarily on the

positive and negative effects of media on children and adolescents. Email: dagentile@gmail.com

12 Social Science Computer Review XX(X)



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.1000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness false
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Remove
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages false
  /ColorImageMinResolution 266
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Average
  /ColorImageResolution 175
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50286
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages false
  /GrayImageMinResolution 266
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Average
  /GrayImageResolution 175
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50286
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages false
  /MonoImageMinResolution 900
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Average
  /MonoImageResolution 175
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50286
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox false
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (U.S. Web Coated \050SWOP\051 v2)
  /PDFXOutputConditionIdentifier (CGATS TR 001)
  /PDFXOutputCondition ()
  /PDFXRegistryName (http://www.color.org)
  /PDFXTrapped /Unknown

  /CreateJDFFile false
  /Description <<
    /ENU <>
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AllowImageBreaks true
      /AllowTableBreaks true
      /ExpandPage false
      /HonorBaseURL true
      /HonorRolloverEffect false
      /IgnoreHTMLPageBreaks false
      /IncludeHeaderFooter false
      /MarginOffset [
        0
        0
        0
        0
      ]
      /MetadataAuthor ()
      /MetadataKeywords ()
      /MetadataSubject ()
      /MetadataTitle ()
      /MetricPageSize [
        0
        0
      ]
      /MetricUnit /inch
      /MobileCompatible 0
      /Namespace [
        (Adobe)
        (GoLive)
        (8.0)
      ]
      /OpenZoomToHTMLFontSize false
      /PageOrientation /Portrait
      /RemoveBackground false
      /ShrinkContent true
      /TreatColorsAs /MainMonitorColors
      /UseEmbeddedProfiles false
      /UseHTMLTitleAsMetadata true
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /BleedOffset [
        9
        9
        9
        9
      ]
      /ConvertColors /ConvertToRGB
      /DestinationProfileName (sRGB IEC61966-2.1)
      /DestinationProfileSelector /UseName
      /Downsample16BitImages true
      /FlattenerPreset <<
        /ClipComplexRegions true
        /ConvertStrokesToOutlines false
        /ConvertTextToOutlines false
        /GradientResolution 300
        /LineArtTextResolution 1200
        /PresetName ([High Resolution])
        /PresetSelector /HighResolution
        /RasterVectorBalance 1
      >>
      /FormElements true
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MarksOffset 9
      /MarksWeight 0.125000
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PageMarksFile /RomanDefault
      /PreserveEditing true
      /UntaggedCMYKHandling /UseDocumentProfile
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
  /SyntheticBoldness 1.000000
>> setdistillerparams
<<
  /HWResolution [288 288]
  /PageSize [612.000 792.000]
>> setpagedevice


